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Motivation

 Operating decisions of private actors are having an ever increasing influence on the energy system [1, 2].

 The individual consideration of household specific load patterns from EVs allows to consider this heterogenic behaviour in decentralised energy systems in greater detail, e.g. for
electrotechnical considerations or local market interactions.

* Individual charging decisions of EV owners influence the load shifting potential of future EV fleet batteries [3] but are seldomly explicitly taken into account in power system
modelling.

* Overall research goals:
a) Integration of decisions on the operational behaviour of flexibility options into electricity market models
b) Modelling of the interaction of these decisions with other (central) energy actors
c) Research the framework conditions for a sustainable development of the energy system, taking into account decisions in an uncertain environment
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and dynamic time warping distance metric

2The results are preliminary and might change during further analysis.
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